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1. Biological age determination [8,9,16-34]

2. Sex determination [35-43]

3. Automatized 3D cephalometric landmark annotation [44-61]
4. Soft-tissue face prediction from skull and in reverse [62-81]
5. Facial growth vectors prediction [14,62,82-94]



T E - AlFE

r=h >3]

« 7 —XAYIC
«c 2 DD EHEEZRD

- (1)
» (2)

C &

[FE] WS S
[FE] OFE

= OxA T



‘Imﬂl
N>
S
AN
N,

FE DAL

classification

scikit-learn
algorithm cheat-sheet

dimensionality
reduction

https://scikit-learn.org/stable/tutorial/machine_learning_map/index.html



ints (www.preprints.org) | NOT PEER-REVIEWED | Posted: 5 November 2021

él

(Article Special Issue “New Trends in Forensic and Le gl Medicing”™ )
Use of advanced artificial intel]igence in forensic medicine

Andrej Thurzo - **, Helena Svobodova Kosnacova %9, Veronika Kurilova ¢, Silvester Kosmel ¥, Radoslav Benus ¢,
Norbert Moravansky 7, Peter Kovac ¥ Kristina Mikus Kuracinowva ® Michal Palkovic # Wand Ivan Varga 1!

1. Biological age determination [8,9,16-34]

2. Sex determination [35-43]

3. Automatized 3D cephalometric landmark annotation [44-61]
4. Soft-tissue face prediction from skull and in reverse [62-81]
5. Facial growth vectors prediction [14,62,82-94]



ints (www.preprints.org) | NOT PEER-REVIEWED | Posted: 5 November 2021

él

(Article Special Issue "New Trends in Forensic and Legal @ UE

Use of advanced artificial 1 ine

FIHHETE
Andrej Thurzo 2", Helena Svobodova Kosnacova %7, Iil_ljI A—E radoslav Benius &,

Norbert Moravansky 7, Peter Kovac * Kristina Mikus k an Varga 1!

Biological age determination [8,9,16-34]

Sex determination [35-43]

Automatized 3D cephalometric landmark annotation [44-61]
Soft-tissue face prediction from skull and in reverse [62-81]
Facial growth vectors prediction [14,62,82-94]

AL



ints (www.preprints.org) | NOT PEER-REVIEWED | Posted: 5 November 2021

él

(Article Special Issue “New Trends in Forensic and Legal Medicine”.

Use of advanced artificial int

Andrej Thurzo -**, Helena Svobodova Kosnacovs oslav Benus ¢,
Norbert Moravansky /, Peter Kovac * Kristina Mi arga !

Biological age determinatio
Sex determination [35-43]
Automatized 3D cephalometric landmark annotation [44-61]
Soft-tissue face prediction from skull and in reverse [62-81]
Facial growth vectors prediction [14,62,82-94]

AL



ints (www.preprints.org) | NOT PEER-REVIEWED | Posted: 5 November 2021

él

(Article Special Issue "New Trends in Forensic and Legal Medicine” )
Use of advanced artificial intellige

Andrej Thurzo 2", Helena Svobodova Kosnacova %4, Vero PTIS #,
Norbert Moravansky 7, Peter Kovac 4 Kristina Mikus Kura

Biological age determination [8,9,16
Sex determination [35-43]
Automatized 3D cephalometric landmark annotation [44-61]
Soft-tissue face prediction from skull and in reverse [62-81]
Facial growth vectors prediction [14,62,82-94]

AL



ints (www.preprints.org) | NOT PEER-REVIEWED | Posted: 5 November 2021

él

(Article Special Issue "New Trends in Forensic and Legal Medicine” )

Use of advanced artificial intelligencegd medicine
SADIEFT T & 12
Andrej Thurzo 2", Helena Svobodova Kosnacova %3, Verg }_/L/ > 0) %Fﬁ- — & (lk_

Norbert Moravansky 7, Peter Kovac # Kristina Mikus Ku EK ELB %ﬂﬁ(\%ﬂz O) ’ 0—9\

Benus &,

Biological age determination [8,9
Sex determination [35-43]
Automatized 3D cephalometric
Soft-tissue face prediction from skull and in reverse [62-81]
Facial growth vectors prediction [14,62,82-94]

AL



ints (www.preprints.org) | NOT PEER-REVIEWED | Posted: 5 November 2021

él

(Article Special Issue “New Trends in Forensic and Le gl Medicing”™ )
Use of advanced artificial intelligence in forensic medicine

doslav Benus &,

BADIZFTZ &2
AR D/E 5
Biological age determination [§, 2 % ,,\J

Sex determination [35-43]

Norbert Moravansky 7, Peter Kovac % Kristina Mikus Kuracj

D1 = W M =
2>
-
—t
Q
=
b
=y

v N
A D
-
(I
C
-
T
p.’j
-y
ol
e
=
g
~t
-
»
vy

Facial growth vectors prediction [14,62,82-94]



https://subscription.packtpub.com/book/data/9781789
800265/6/ch06lvllsec36/classification

033 () 53k
— ) AN
Comparing Classification Methods

Logistic Regression

Input Data (X, y) Decision Tree Random Forest

RBF SVM

Linear SVM

Example adapted from Scikit-learn open-source developer guide, Code source: Gaél Varoquaux, Andreas Miiller; 2018
https://scikit-learn.org/stable/auto_examples/classification/plot_classifier_comparison.html
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Example adapted from Scikit-learn open-source developer guide, Code source: Gaél Varoquaux, Andreas Miiller; 2018
https://scikit-learn.org/stable/auto_examples/classification/plot_classifier_comparison.html
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1. Biological age determination [8,9,16-34]

2. Sex determination [35-43]

3. Automatized 3D cephalometric landmark annotation [44-61]
4. Soft-tissue face prediction from skull and in reverse [62-81]
5. Facial growth vectors prediction [14,62,82-94]
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